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Abstract

This paper examines the determinants of the choice of the field of study
and of the education level achieved in the chosen track, by using a frame-
work in which students entering higher education are assumed to anticipate
their future market earnings. For that purpose, we use French data coming
from the Generation surveys collected by the CEREQ (Centre d’Etudes et
de Recherches sur les Qualifications, France). Our econometric approach is
based on a structural three-equations model, which is identified thanks to
some exclusion restrictions. Once graduated from high school, individuals
are supposed to sequentially choose their post secondary major field, then
their education level (i.e. the length of their studies in the chosen field), and
finally they enter the labor market. We account for the potential correlation
between the unobserved individual-specific preferences that affect the val-
ues of each post secondary field of study, as well as between the unobserved
individual-specific factors that affect the choice equation of the educational
level and the labor market earnings equation. Simulating for each given field
of study a 10 percent increase of the expected earnings results in a significant
impact on the allocation between fields. We also get significant effects on the
allocation between education levels when simulating a 10 percent increase of
the expected post-college earnings, while the same increase at the graduate
level has a negligible effect.
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1 Introduction

Over the last years, the French higher education system has been the object of much
discussion and sharp criticism. Aghion and Cohen, in public for the French Conseil
d’Analyse Economique (Aghion and Cohen, 2004), emphasize the main difficulties
the French higher education system, and especially the French university, has to
cope with. Pointing out, among others things, the high dropout rate in French
universities, they argue that the French higher education system needs urgently to
be reformed. In this context, it seems crucial to understand students’ educational
choices in terms both of the major and of the level of their post-secondary studies.

In this paper, we focus on the effect of expected labor market income on in-
dividual post-secondary schooling choices. In particular, we assess the sensitiv-
ity of students’ schooling choices to expected earnings by estimating a structural
model of post-secondary educational choices. In the existing applied literature,
several papers explicitly consider the impact of expected labor market earnings on
schooling and career choices. A first set of papers study these issues by using a
rational expectations framework. For instance, Willis and Rosen (1979) allow the
demand for college education to depend on expected future earnings. Assuming
that students form rational (i.e. unbiased) expectations, these authors show that the
expected flow of post-education earnings are strong determinants of college atten-
dance. Berger (1988) also focuses on the impact of expected earnings on the indi-
vidual demand for post-secondary education: his results show that, when choosing
college majors, students are more influenced by the (rationally) expected flow of
future earnings than by their expected initial earnings.! Then, following Keane
and Wolpin (1997), several econometricians have estimated structural dynamic
models of schooling decisions (Cameron and Heckman, 1998, 2001; Eckstein and
Wolpin 1999; Belzil and Hansen, 2002; Keane and Wolpin, 2001). Their papers
assume that students form rational earnings expectations conditional on schooling
decisions, and that the expecetd earnings affect in turn schooling choices. Papers
by Arcidiacono (2004, 2005) estimate sequential models of college attendance, in
which the value of each alternative also depends on the corresponding expected
flow of earnings.

A second set of papers examines the validity of the rational expectations as-
sumption in the context of educational choices. More precisely, they consider the
specification and the estimation of schooling decision models in which the rational
expectations assumption is relaxed. For instance, Buchinsky and Leslie (2000) use
a dynamic schooling decision framework in which they compare the predictions of

'See also Altonji (1993), who estimates a sequential model in which schooling decisions depend
on expected returns to education.



models assuming different forecasting behaviors (myopic, rational or adaptative);
their results show that assuming adaptative (i.e. Bayesian) earnings expectations
leads to more realistic predictions in terms of the impact on educational attainment
of the changes in the wage structure observed from 1980 to 1994 in the U.S. Previ-
ously, Freeman (1971, 1975) and Manski (1993) have proposed models assuming
that individuals have myopic expectations relatively to their potential labor market
earnings. Within such a framework, students are assumed to form their wage ex-
pectations by observing the earnings of comparable individuals who are currently
working. According to Manski’s terminology, such expectations are computed “in
the manner of practicing econometricians”. More recently, Boudarbat and Mont-
marquette (2007) examine the effect of expected earnings on the choice of fields of
study in Canada; for that purpose, they estimate a mixed multinomial logit model
applied to the choice of major, using a sample of Canadian university graduates.
These authors also relax the assumption of rational expectations; as in Manski’s
paper (1993), the predicted earnings are computed from the wages of young indi-
viduals who have the same education level and who are currently working.

Our model relies also on a myopic expectations assumption. Unlike the pre-
vious papers, it concentrates on the effects of expected earnings on the individual
choices of the field and the length of post-secondary studies, which have never
been considered simultaneously. It is also the first microeconometric study devoted
to these issues in France.

The remainder of the paper is organized as follows. Section 2 describes the
theoretical model. The econometric counterpart of this model and the likelihood
function are discussed in Section 3. Section 4 describes the data and presents
some preliminary statistics, while Section 5 contains the estimation and simulation
results.

2 The model

In this section, we present a theoretical model of post-secondary education. After
graduating from high-school, individuals are assumed to choose simultaneously
their field of study and their education level (i.e. the length of their studies) in the
chosen field. Note that we restrict our analysis to individuals who attend university.
2 Once they leave the post-secondary education system, they are supposed to enter
the labor market. Thus we consider a sequence of three individual decisions:

e Stage 1: When entering college, each student chooses his/her post-secondary

The argument justifying our choice to focus on individuals attending university is detailed in the
section devoted to the data.



major.

e Stage 2: He/she keeps on studying in the field chosen in stage 1, until he/she
reaches an endogenously determined level of education.

e Stage 3: He/she leaves the post-secondary education system and participates
in the labor market.

2.1 Stage 1: Choice of the major

After graduating from high-school (and getting the final high-school diploma, called
“Baccalauréat” in France), the individual who decides to continue studying, must
choose the college major, hereafter indexed by j*.°> . We assume that this choice is
made among a set of M college majors. Furthermore, we assume that the chosen
field () depends on the individual’s expectations concerning both the education
level he/she will achieve within this major (see stage 2) and the expected flow of
his/her labor market earnings, which is assumed to depend on his/her educational
level (see stage 3). An important underlying assumption is that the flow of future
earnings and the highest level of education reached in field j* are partly uncertain.*

Let us denote by V; the individual utility associated with the choice of field j
(j =1,...,M). This utility is assumed to be composed of three additive elements,
respectively denoted by vg; and vy ;. The first term vg; represents the intrinsic value
(i.e. the consumption value) of the major, while v1; may be considered as the
investment value of a post-secondary education in field j. It is a function of the
sum of the expected flows of future labor market earnings which are associated
with the L 4+ 1 educational levels that can be reached within field j, each of these
expected values being weighted by the probability Pr(K = k | J = j) to reach
the k-th educational level (k =0, ..., L) within field j (j = 1,..., M). Here k =
L denotes the highest educational level that can be reached within major 7, and
k = 0 corresponds to the case where the student drops out from the major before
terminating the first year of college. Then the utility V; of major j can be written
as:

Vj = Voj + V15, fOI‘j = 1, M

3We omit the individual subscript for the sake of simplicity.

*We suppose that each individual has an idiosyncratic propensity to achieve a high level of ed-
ucation. This propensity is partly affected by random factors, such as his/her own health status and
unexpected changes in his/her family environment. These factors are assumed to be ex ante unknown
by the individual when choosing his/her major, and then revealed when attending university. Hence,
at end of stage 2, there are known by the student.



where

vj=a Y Pu(K=k|J=§)EV.|J=jK=k)
ke{0,1,...,M}

E (Ve | J = j, K = k) denoting the expected flow of future earnings associated
with education (4, k) , and « being an unknown parameter to be estimated.’

The subcomponent vy; can be interpreted as the non-pecuniary value of field j.
It may correspond to the “social gratification” brought by studying in major j and
to the individual’s taste for this major. We assume that v; is a linear function of a
set of observable individual covariates that affect the attractiveness of field j (e.g.
gender, place of birth, parents’ nationality and profession, past educational history
of the student, including the cumulated delay when entering secondary school or
when graduating from high school). It is also depending on a random term u,;
representing the unobservable part of individual preference for studying in major
J. Consequently, vy; is specified as

Y
U()j —X1/81 +Uj

where ﬂ{ is a parameter vector associated with X and specific to field j. The
individual chooses the education field j* that corresponds to the highest indirect
utility level:

i = ar max V;
J & jeliy )

2.2 Stage 2: Choice of the educational level

Once the individual has chosen his/her major j*, he/she studies until he/she reaches
alevel k7 of education within field j. We assume that this level &7 is an element of
a set of L 4 1 possible levels corresponding to the different degrees which may be
obtained in each major; £ = 0 corresponds to a dropout, which occurs when a stu-
dent leaves university during the first year of college (without any post-secondary
degree), k = 1 refers to the degree called “DEUG” in France which is gener-
ally obtained after two years of college, £ = 2 corresponds to the BA degree
(called “Licence” in France), k = 3 corresponds to the MA degree (“Maitrise”)
and k = L = 4 refers to the Graduate level.

The optimal level %7 of education within major j is supposed to be determined

by the individual propensity %j to succeed in long post-secondary studies within

>The functional form of probabilities Pr(K = k | J = j) is specified in the section devoted to
the econometric specification of the model.



this major.® More precisely, we assume that the optimal level k} of education is
defined by the following latent model:

;

0 if Ej S a1
]g;f: 1 ifa1<%j§a2
L ifay <k
where {a1,...,ar} are latent (unobservable) thresholds that correspond to the

minimum ability levels required to obtain the different degrees. The latent propen-

sity Ej is assumed to depend linearly on observable covariates X2 (such as gender,

place of birth, parents’ profession, etc..), on the expected earnings increase associ-

ated with one more year of education within field j,equalto £ (Ve | J = j, K = k+ 1)—
E(Ve|J=j K =k), and on an individual unobservable term v which is un-
known ex ante by the student when he /she decides to enter college. Thus the
propensity k; is defined as:

B = XiB+70E(Ve|J =4, K =0)

+3 vy [E(Ve | J=4, K =k+1)—E(V. | J=4,K =k)] +v

where 32, 20, Y21, ---, V2L are unknown scalars to be estimated.

Note that, throughout stage 2, discussion is conducted under the assumption
that students cannot be forced, for instance after a maximum number of grade
repetitions, to leave the educational system, so that the educational level that is
effectively reached results from the individual’s decision. It is important to note
that we only account for self-selection through the post secondary educational path:
this seems to be a quite sensible assumption for the French university system.

2.3 Stage 3: Labor market earnings

Having obtained the educational level (degree) k] in major j*, the student then
enters the labor market. We assume that the labor market is an absorbing state: in-
dividuals do not resume studies after entering the labor force. When making his/her
post-secondary schooling decisions (stages 1 and 2), the individual is assumed to

®This framework is consistent with the ordered probit model that will be detailed in the next
section, devoted to the econometric specification.



anticipate their effects on future labor market earnings. In order to take both em-

ployment and nonemployment spells into account, we refer to average earnings as

wages weighted by employment spell durations. Hence, the average annual log-

earnings in a T" years long labor market history for a worker with education (7, k)

is given by :

Doy In(ws i)l
T

Ne Ny,
T=Y 14> 0
s=1 s=1

where N, (respectively, IV,,) is the number of observed employment (nonemploy-
ment) spells in the individual labor market history, w; j, is the annual wage in the
s-th employment spell, [¢ (respectively, [) are durations of the s-th employment
(respectively, nonemployment) spell, and 7' is the total length of the observed labor
market history of the individual.”

Thereafter, we focus only on this aggregate notion of labor market earnings,
without modeling separately wages and individual probabilities of employment
(and nonemployment). This could be consistent with the students’ behavior when
tehy take their post-secondary schooling decisions: most individuals anticipate fu-
ture labor market conditions as a whole, without separately taking into account the
effects of their educational choices on wages and on employment probabilities.

Labor market earnings depend on the post-secondary educational field and
level, namely on the pair (5*, k;) Note that our framework accounts for the earn-
ings gaps, not only between schooling levels (within a given field of study), but
also between fields of study (for a given educational level, or degree). Earnings are
also supposed to be a function of exogenous and predetermined individual charac-
teristics.®

If we assume that the discount factor is equal to 1, the value of the expected
flow of future labor market (log-)earnings for a post-secondary education (7, k) is
estimated by :

(1

Inwj, =

with

E(WV;|J=4jK=k) =T xInwj

7 As there is no information in the data about the level of unemployment benefits received during
the unemployment spells, we assume that this amount is equal to one.

81n a further version of the paper, we will also study the impact of earning risks on post-secondary
schooling choices by allowing the variance of earnings to differ across post-secondary educational
levels.



3 Econometric specification

3.1 The econometric model

The individual choice of the post-secondary field of study (stage I) is generated by
a random utility multinomial model:

]*:jﬁ‘/]ZV;/’ v.]/7é.77 .7,:17277M (2)
with

Vi=Xi#+a > PrK=k|J=j).EV.|J=j K=k +u
ke{0,1,...,M}

where j* is the chosen field among the choice set {1, ..., M }. Then, the highest
education level k;‘ that is achieved within the chosen field is given by :

Vk € {0,1, ., L}, kS =k & sp < kj < s 3)
with

Ej = Xofr+720E (Ve |J=4,K=0)

Y e [E(Ve | J=4,K=k+1)—E (Ve | J=j,K =k)] +v
Finally, the average log-earnings equation is assumed to be given by:
Inwj, = X:;(j’k)ﬁg + € @)

where Mjk is the average log-earnings defined in equation (1), X3, 1) is a vector
of observed characteristics that may affect labor market earnings, including post-
secondary education, and € denotes the individual’s unobserved ability that affects
earnings.

We assume that, when making their post-secondary educational choices, stu-
dents evaluate their expected flow of labor market earnings by observing the earn-
ings of comparable workers (i.e. having the same educational level but currently
working). This assumption concerning expectations was introduced by Freeman
(1971) and developed by Manski (1993).° More precisely, students are supposed
to predict their future labor market earnings by using the parameter estimates of
earnings equation of comparable individuals who are already in the labor force.

°See also Boudarbat and Montmarquette (2007) for a more recent example.



Denoting by B(g’p) the estimated coefficients of the earnings equation (4) of these
comparable workers, then the expected earnings for a student who chooses to reach
an educational level (7, k) is:

—_—

mw;i, = X3 B(3.)

3.2 Stochastic assumptions

Residuals are supposed to be normally distributed. Potentially, we should allow for
non-zero correlations between the unobserved individual-specific random terms
that affect the three equations of our model. Nevertheless, for tractability rea-
sons, we assume independence between the individual unobserved preference u;
(j =1,..., M) for the j-th field of study and the residuals v and € of the two other
equations.! However, since only differences in utility levels matter in random
utility models, it is sufficient to impose that the correlations between each of the
residuals u; — w1 (j = 2,..., M) and v (or €) are zero. Consequently, the whole
vector of residuals is assumed to be distributed as:

v
ug — Ul
T N0, D)

Up — U1
€

where X is the (M + 1) x (M + 1) covariance matrix of the model residuals, with
Y[1,1] = 1 and X[2,2] = 1 for identifiability reasons. Given the constraints we
impose on correlations, the covariance matrix is:

1
0 1
5 0 Y32 Y33 (5)
0 YM2 e e MM
Z(M+1),1 0 0 E(M—i—l),(M—i—l)

The particular order of the residuals in this vector enables us both to use Cholesky
decomposition and to verify our constraints. Thus, if I" denotes the Cholesky factor
for the covariance matrix >, we have:

19This simplifying assumption will be relaxed in a further version of the paper. Still, it does not
seem absurd to assume that the idiosyncratic tastes for each major are very specific to the individual,
and thus that they are correlated neither to the random propensity (ability) to reach high levels of
education, nor to the unobserved labor market productivity.



y=Ir (6)

where
1 0 0 0
0 1 0 0 .. 0
I = 0 age exp(dy) 0 .. 0 @)
a(M+1)71 0 .. 0 exp(dM_l)

Note that we impose the positivity of the diagonal terms of matrix I". Hence, the
Cholesky decomposition of ¥ is unique.

3.3 The likelihood function

Under our stochastic assumptions, the contribution to the likelihood function of an
individual who chooses the educational level (j, k) and who gets the average labor
market log-earnings In wy, is:

G K nwse) = Pr| () (uy —up < FG*) = £ ()| x g(e)
5"

x Pr [ska«* 7E<v§5m*+1fﬁ|e} €3]
J J
where

h = X}Ba+720 |:TX3(jO)B(3,p):| +3 0ok T [X3(j,k+1)3(3,p) - X3(jk)§(3,p)} ;

f()=XiB]+aT Z X3(jk)a(3,p) X [‘1) (Sk—i-l —ﬁ> - o (Sk —ﬁ)} :

1 €
9 = SR T X(p<\/E[M+1,M+1]>’

and

Ocond Ocond

7 = —h-— 5
Pr Sk—h<’l)§8k+1—h’€} ) <3k+1 mmnd)_q) <5k7ncond

10
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 and ® being respectively the density and cumulative density functions of the
standard normal distribution A/ (0, 1). In the last expression, M conq and oeonq de-
note respectively the conditional mean and the conditional standard deviation of
the gaussian distribution of v given e, given by:

S, M + 1]

Meond = E[M—l— 1,M—|— 1]6
and
2 2[17M+ 1]2
o =1-
cond S[M +1,M +1]

Finally, for estimating the probability:

Pr| () (wy—up < £ = F ()]

J'#5

we use a method proposed by Train (Train, 2003); first, we complete the Cholesky
matrix I' by adding a column and a row of zeros:

1 0] 0 0 0
0 0| 0 0 0
re — 0 0| 1 0 0 0
0 0 Q32 exp(dl) 0 0
O[(J_;’_]_),]_ 0 0 0 eXp(dJ_l)
Then
3¢ =T
and the covariance matrix of the vector:
(U1 = Wje, U — Wjry ooy Ujr 1 — W, W, W] — Uiy ooy UJ — U, U, €)
is equal to:
Aj XA s 9)
where Aj« is a transformation matrix defined by:
1 0 O 0 0
0 1 0 —1o v 41 0 0
Ao — 0 0 1 —13 41 0 0
7 0 0 0 +1l 41541 O 0
0 0 0 0 0 ... 1

11



Once we get the covariance matrix of the vector
!/
(u1 T Ujx, UQ — Ujxy eeey Ujx—1 — U, Ujr41 — Uj*, .o, Ug — Uj*, U, 6)

we can estimate

Pr| () (= < FG7) = f (7))

J'#5

by using a GHK simulation procedure. Note that the first stage of the econometric
model corresponds to the estimation of a multinomial probit model (MNP). Within
the MNP framework, the choice probabilities Pr(;) do not have a closed-form ex-
pression.!! Hence we use the GHK simulator which is usually considered to be the
most accurate probit simulator to approximate the probabilities of choosing each
field of study.!? As it is detailed in the following section devoted to data, estima-
tions for the current version of the paper are based on J = 3 aggregated majors.
Thus, in stage 1, each choice probability is expressed as a double integral which
can be evaluated using usual integration procedures (such as quadrature methods).

3.4 Identification

In order to identify the model without relying only on functional forms, we use ex-
clusion restrictions. The covariates indicating the father’s and mother’s professions
(in 1998) as well as the age of the student in 6" and 12" grades, are included in
the list of regressors affecting the choice of the length of studies and excluded from
the earnings equation. Furthermore, the dummy /le de France variable is only used
to explain earnings : it is excluded from the schooling choice equations.

4 Data

The model presented above is estimated using French data coming from the “Généra-
tion 98” survey collected by CEREQ (Centre d’Etudes et de Recherches sur les
Qualifications, Marseille).!> This survey consists of a large sample of 55,000 indi-
viduals who left the French educational system in 1998 and were interviewed three
years later, in 2001. In the original sample, education levels range from the lowest
to the highest, respectively referred to as “Level VI” and “Level I”” in the French

""Each choice probability is a J — 1 dimensional integral which must be evaluated numerically.

12See Hajivassiliou et al. (1996) for a comparison of probit simulators.

These data have been previously used by Brodaty, Gary-Bobo and Prieto (2006), who estimate a
structural model of individual educational investments in presence of students’ attitudes toward risk.

12



qualification nomenclature. The main advantage of this database for our approach
lies in the fact that it includes information both on individuals’ educational tra-
jectory and on their labor market histories (over the three first years following the
exit from the educational system). Furthermore, the survey provides us with a set
of individual covariates which are used as controls in our estimation procedure,
such as gender, place of birth, nationality, parents’ profession, and residence when
leaving the educational system. We also use data from the “Génération 92” survey
(CEREQ, Marseille) to compute students’ earnings expectations. Most of the indi-
vidual covariates observed in the “Génération 98” survey are also provided by this
sample of 26,359 individuals who left the French educational system in 1992, six
years before the individuals we are interested in. Hence, we compute the students’
earnings expectations using predicted earnings estimated with the “Génération 92”
data, as exposed in the preceding section.

Our subsample of interest is constituted of respondents having at least passed
the national high school final examination successfully:'# it is then restricted to
14,365 individuals. Furthermore, within this selected sample, we focused on the
4,213 individuals having attended university except medicine faculties and IUT
(“Institut Universitaires de Technologie”, which are two-years vocational colleges).
This sample selection was made in order to keep an homogeneous set of post-
secondary tracks, both in terms of selection and possible length of studies.

University studies are aggregated into three broad fields: “Sciences”, “Human-
ities and Social Sciences” (including art studies) and ‘“Management, Economics
and Law”. We then consider five different educational levels (i.e. degrees) that
may be reached within each major. They are respectively denoted by “dropout”
(less than two years of college), “two years of college”, “BA degree” (“Licence”
in French), “MA degree” (“Maitrise”) and “Graduate” (more than four years af-
ter High School). Tables 1 and 2 below provide basic descriptive statistics for the
selected subsample.

We cross our main variables of interest (post-secondary track, length of studies,
and labor marker wages) with several individual characteristics. We also study the
associations between the variables of interest which are endogenous variables in
the structural model exposed above. Tables 10 to 13 (reported in the Appendix)
provide a descriptive outlook for the determinants of universitary schooling choices
in France.

We first focus on the choice of the study field. Tables 10 and 11 show that this
choice is related with gender, age in 6" grade and age in 12" grade," parents’
nationality and profession.

“In France, this national exam is called “baccalauréat”.
"SThese variables can be seen as proxies for the individual schooling ability.
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Noteworthy, male students are more likely to attend majors in Sciences while
female students are more likely to attend majors in Humanities and Social Sciences.
There is also a high statistical association between students’ age in 6! grade and
the chosen field: individuals who were above the “normal” age in 6! grade are less
likely to attend a major in Science, while they are more likely to attend a major in
Law, Economics and Management. The age in 12! grade is also, to a lower extent,
correlated with the choice of the major : individuals who are above 18 when getting
their Baccalaureat are less likely to attend a major in Sciences, while they are more
likely to study in Humanities and Social Sciences.

Parental characteristics also seem to play in important role on the choice of
the major. Noteworthy, students whose at least one parent is not French, are less
likely to study Sciences. Parents’ professions are also correlated with the choice of
the major: students whose father is a farmer are more likely to study in Sciences,
while they are less likely to study in Humanities and Social Sciences, or in Law,
Economics and Management. Also note that individuals whose father is a blue-
collar worker are more likely to attend a major in Human and Social Sciences, and
less likely to attend a major in Sciences.'® Table 10 also shows a strong correla-
tion between the chosen field and the length of studies. While students studying in
Sciences are more likely to complete high level studies (“Graduate” level), those
studying in Humanities and Social Sciences are much more likely to drop out dur-
ing the first two years of college.

Besides, all individual characteristics considered here are correlated with the
length of studies (see tables 12 and 13).Noteworthy, the individual age in 12"
grade is negatively correlated with the length of studies.

Finally, the higher the level, the larger the mean of log earnings (table 3 re-
ported below). There are significant differences in average earnings associated
with different majors. However, it is less pronounced than the difference between
long and short studies. We find that Sciences ranks first, followed by Law, Eco-
nomics and Management, and finally Humanities and Social Sciences. There is no
significant difference between these fields either in terms of the number of months
after the first job, or in terms of the contract of the first job (see Tables 14 and 15
reported in the Appendix). Contrary to the field of studies, the level of the degree
individuals get seems to have a crucial effect on earnings. And as expected, the
mean log-earning is greater in the Paris region, as well as for men (see Table 16 in
the Appendix).

®Mother’s profession is associated with the field of study in a similar way.
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4.1 Descriptive Sample Statistics

Table 1: Descriptive statistics: majors and levels of education

Number Per cent

University fields

Sciences 1,093 25.94
Humanities and Social Sciences 1,719 40.80
Law, Economics and Management 1,401 33.25
Post Secondary Education Level

Dropout 1,359 32.26
Two years of college 479 11.37
Licence (BA degree) 693 16.45
Maitrise (MA degree) 741 17.59
Post Maitrise (Graduates) 941 22.34
Baccalaureat

General 3,421 81.28
Technological 655 15.56
Vocational 133 3.16
Secondary schooling track

L 1,013 24.89
ES 963 23.66
S 1,439 35.36
ST,SMS 655 16.09
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Table 2: Descriptive statistics: covariates

Number Per cent

Gender

Male 1,746 41.44
Female 2,467 58.56
Born abroad

No 4,123 97.86
Yes 90 2.14

Age in 6" grade

<10 402 9.54

11 3,542 84.07
> 12 269 6.38

Age in 12" grade

<17 537 12.75
18 2,011 47.73
19 1,078 25.59
> 20 587 13.93
Parents’ nationality

Mother or father is not french 338 8.02

Both parents are french 3,875 91.98
Father’s profession (in 1998)

Farmer 157 4.13

Tradesman 457 12.02
Executive 1,153 30.33
Technician 435 11.44
White-collar 926 24.36
Blue-collar 674 17.73
Mother’s profession (in 1998)

Farmer 84 2.11

Tradesman 178 4.47

Executive 738 18.54
Technician 233 5.85

White-collar 2,012 50.54
Blue-collar 268 6.73

Housewife 468 11.76
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Table 3: Mean of log earnings according to the length and the field of studies

Field Length Mean of monthly log earnings
Dropout 597
Two years of college 6.18
Licence (BA degree) 6.27
Maitrise (MA degree) 6.36
Post Maitrise (Graduates) 6.75
Sciences 6.54
Humanities and Social Sciences 6.08
Law. Economics and Management 6.34
Sciences Dropout 6.16
Two years of college 6.39
Licence (BA degree) 6.43
Maitrise (MA degree) 6.52
Post Maitrise (Graduates) 6.85
Humanities and Social Sciences Dropout 5.91
Two years of college 6.04
Licence (BA degree) 6.20
Maitrise (MA degree) 6.10
Post Maitrise (Graduates) 6.41
Law. Economics and Management Dropout 5.94
Two years of college 6.22
Licence (BA degree) 6.29
Maitrise (MA degree) 6.44
Post Maitrise (Graduates) 6.84
6.29

5 Results

Tables 17 to 21 (reported in the Appendix) give the parameter estimates of the
model. To get a more precise view of the effect of expected wages on the choice
of the field and the length of studies, we run some simulation exercises. Several
shocks have been imposed to expected earnings. We use the parameter estimates to
simulate how these changes in the expected earnings affect post-secondary school-
ing choices, simultaneously in terms of the field and the length of studies. The first
set of simulations relies on a 10% increase or decrease in the expected earnings
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associated with a given field of study j (tables 4 to 6 below).!” Each length of
study is equally affected by this type of shock.

The second set of simulations consists in a 10% increase in the expected earn-
ings associated with a given length of study, each field of study being equally
affected. Then, we examine whether the propensity to continue studies is affected
by such shocks. We concentrate on the levels £ = 1 and k = 4 (tables 8 and 9
below).

We tend to believe that a rather large increase in the expected earnings as-
sociated with a given field will not induce students to change significantly their
preferred field of studies: people have specific abilities and tastes for, let’s say,
humanities or sciences, which is difficult to change. On the contrary, the propen-
sity to conduct long studies in a given field may be counterbalanced by a shock on
expected earnings, and it seems interesting to compare students’ choice sensitiv-
ity to a shock on expected earnings associated with short post-secondary studies,
with their choice sensitivity to a shock on expected earnings associated with long
studies.

First, comparing for each field and each length of studies the observed propor-
tion with the predicted probability allows us to evaluate the fit of the model. We
find that both the actual distribution of fields and lengths of studies are very simi-
lar. Thus, we can be quite confident with the simulations results that will now be
discussed.

The effect of an increase or a decrease in expected earnings associated with a
given major is different according to the major considered. The most important
impact concerns Humanities and Social Sciences. A 10% increase leads to a sig-
nificant change in the sample distribution: the proportion of students attending a
major in this field increases by 7.4 points. the decreases in the other proportions are
equally distributed: —3.72 points in Sciences and —3.67 points in Law, Economics
and Management. On the contrary, a 10% increase in expected earnings of students
graduated in Sciences only affects the proportion of students attending a major in
Sciences or in Humanities: the proportion of students in Sciences increases by
3.64 points, while the proportion in Humanities decreases by 3.23 points. Law
is roughly not affected. A 10% increase in expected earnings associated with a
degree in Law has the same effect: a 3.92 point increase in the proportion of stu-
dents attending a major in Law, a 3.46 points decrease in the proportion of students
attending a major in Humanities, while Sciences are not affected. It is important
to note that these estimated increases have to be compared with the initial sample
proportion. Absolute increases of 7.4 points in Humanities, 3.64 points in Sciences

17Simulating both an increase and a decrease enables us to see whether the quantitative effect is
different when earnings come up or down.
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and 3.92 points in Law correspond to relative increases equal to 18% in Humani-
ties, 14.2% in Sciences and 11.7% in Law.!8

Table 7 reports the simulated proportions of students in the different majors
and levels after simultaneously decreasing by 18% and increasing by 30% respec-
tively sciences and humanities and social sciences expected earnings. This simu-
lation is tantamount to cancelling, on average, the earning gaps between the three
broad university fields. Results show that the simulation has a very significant
and quantitatively large impact on the proportions of students accross the different
fields. Cancelling the earning gaps between the university fields leads to a strong
24.3 points increase in the proportion of students choosing to study Humanities
and Social Sciences, and simultaneously to 14.8 and 9.5 points decreases in the
proportions of students respectively studying Sciences and Law, Economics and
Management.

We find effects with the same magnitude when simulating a 10% increase in
the expected earnings of two years of college (whatever the field of studies). This
simulated shock increases by 3.94 points the proportion of individuals who de-
cide to complete two years or less of college (see Table ??). On the contrary, the
same increase applied to the expected earnings of Graduates leads to no significant
change in the proportions of students conducting long studies (see Table 9). For
some individuals, the cost associated with long studies may be too high to make
them change their choice concerning their educational level. But on the contrary,
people who have the ability to do long studies may decide to drop earlier if the
wage incentive is strong enough.

p®—p?
p]’

8Namely
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Table 4: Simulation of a 10% variation in expected earnings of the Sciences major

Observed  Predicted  (p° — p") O (pS—pP)
Probability  Probability Standard error
Sciences
10% increase

Sample distribution

Sciences 26.07 25.60 3.64 1.48
Humanities and Social Sciences 40.55 40.98 -3.23 1.39
Law. Economics and Management 33.38 33.42 -0.41 0.16
Dropout 31.91 39.54 -1.04 0.14
Two years of college 11.28 11.03 -0.23 0.02
Licence (BA degree) 16.51 15.13 -0.19 0.04
Maitrise (MA degree) 17.77 15.55 0.09 0.06
Post Maitrise (Graduates) 22.54 18.76 1.36 0.14

10% decrease

Sample distribution

Sciences 26.07 25.60 -3.85 1.44
Humanities and Social Sciences 40.55 40.98 3.50 1.41
Law. Economics and Management 33.38 33.42 0.35 0.14
Dropout 31.91 39.54 0.90 0.08
Two years of college 11.28 11.03 0.21 0.02
Licence (BA degree) 16.51 15.13 0.16 0.04
Maitrise (MA degree) 17.77 15.55 -0.10 0.05
Post Maitrise (Graduates) 22.54 18.76 -1.16 0.14

Source: Génération 1992 and Génération 1998 (CEREQ)

Note: p° and p*” denote the predicted probabilities after and before the simulation, respectively.
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Table 5: Simulation of a 10% variation in expected earnings of the Humanities and

Social Sciences major

Observed  Predicted (p° — p*) O (pS—pP)
Probability Probability Standard error
Humanities and Social Sciences
10% increase

Sample distribution

Sciences 26.07 25.60 -3.72 1.50
Humanities and Social Sciences 40.55 40.98 7.39 2.78
Law. Economics and Management 33.38 33.42 -3.67 1.33
Dropout 31.91 39.54 -2.75 0.38
Two years of college 11.28 11.03 -0.13 0.04
Licence (BA degree) 16.51 15.13 0.24 0.06
Maitrise (MA degree) 17.77 15.55 0.77 0.11
Post Maitrise (Graduates) 22.54 18.76 1.87 0.26

10% decrease

Sample distribution

Sciences 26.07 25.60 4.06 1.64
Humanities and Social Sciences 40.55 40.98 -8.01 2.96
Law. Economics and Management 33.38 33.42 3.95 1.40
Dropout 31.91 39.54 2.45 0.27
Two years of college 11.28 11.03 0.02 0.03
Licence (BA degree) 16.51 15.13 -0.34 0.06
Maitrise (MA degree) 17.77 15.55 -0.74 0.09
Post Maitrise (Graduates) 22.54 18.76 -1.39 0.16

Source: Génération 1992 and Génération 1998 (CEREQ)

Note: p° and p denote the predicted probabilities after and before the simulation, respectively.
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Table 6: Simulation of a 10% variation in expected earnings of the Law, Economics
and Management major

Observed  Predicted (p° — p*) O (pS—pP)
Probability Probability Standard error

Law. Economics and Management

10% increase

Sample distribution

Sciences 26.07 25.60 -0.47 0.18
Humanities and Social Sciences 40.55 40.98 -3.46 1.28
Law. Economics and Management 33.38 33.42 3.92 1.37
Dropout 31.91 39.54 -0.57 0.28
Two years of college 11.28 11.03 0.13 0.03
Licence (BA degree) 16.51 15.13 0.21 0.04
Maitrise (MA degree) 17.77 15.55 0.19 0.08
Post Maitrise (Graduates) 22.54 18.76 0.04 0.18

10% decrease

Sample distribution

Sciences 26.07 25.60 0.42 0.16
Humanities and Social Sciences 40.55 40.98 3.72 1.35
Law. Economics and Management 33.38 33.42 -4.14 1.40
Dropout 31.91 39.54 0.27 0.38
Two years of college 11.28 11.03 -0.16 0.03
Licence (BA degree) 16.51 15.13 -0.18 0.07
Maitrise (MA degree) 17.77 15.55 -0.09 0.12
Post Maitrise (Graduates) 22.54 18.76 0.16 0.20

Source: Génération 1992 and Génération 1998 (CEREQ)

Note: p° and p denote the predicted probabilities after and before the simulation, respectively.
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Table 7: Simulation: on average, no earning gaps between the majors

Observed  Predicted (p° — pP) O (pS—pP)

Probability Probability Standard error

Sample distribution

Sciences 26.07 25.60 -14.85 4.29
Humanities and Social Sciences 40.55 40.98 24.33 7.54
Law. Economics and Management 33.38 33.42 -9.48 3.35
Dropout 31.91 39.54 -7.85 1.59
Two years of college 11.28 11.03 -0.55 0.23
Licence (BA degree) 16.51 15.13 0.40 0.15
Maitrise (MA degree) 17.77 15.55 2.01 0.33
Post Maitrise (Graduates) 22.54 18.76 5.99 1.57

Source: Génération 1992 and Génération 1998 (CEREQ)

Note: p° and p*” denote the predicted probabilities after and before the simulation, respectively.
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Table 8: Simulation of a 10% increase in expected earnings associated with two
years of college

Observed  Predicted (p° — p*) O (pS—pP)
Probability Probability Standard error

10% increase

Sample distribution

Sciences 26.07 25.60 0.53 0.19
Humanities and Social Sciences 40.55 40.98 -0.72 0.25
Law. Economics and Management 33.38 33.42 0.19 0.07
Dropout 31.91 39.54 3.86 0.68
Two years of college 11.28 11.03 0.08 0.04
Licence (BA degree) 16.51 15.13 -0.36 0.10
Maitrise (MA degree) 17.77 15.55 -1.00 0.19
Post Maitrise (Graduates) 22.54 18.76 -2.58 0.40

Source: Génération 1992 and Génération 1998 (CEREQ)

Note: p° and p denote the predicted probabilities after and before the simulation, respectively.
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Table 9: Simulation of a 10% increase in expected earnings of Graduates

Observed  Predicted  (p° — p") O (pS—pP)
Probability  Probability Standard error

10% increase

Sample distribution

Sciences 26.07 25.60 0.23 0.17
Humanities and Social Sciences 40.55 40.98 0.11 0.19
Law. Economics and Management 33.38 33.42 -0.34 0.10
Dropout 31.91 39.54 0.46 0.36
Two years of college 11.28 11.03 0.01 0.01
Licence (BA degree) 16.51 15.13 -0.04 0.03
Maitrise (MA degree) 17.77 15.55 -0.11 0.09
Post Maitrise (Graduates) 22.54 18.76 -0.32 0.25

Source: Génération 1992 and Génération 1998 (CEREQ)

Note: p° and p*” denote the predicted probabilities after and before the simulation, respectively.
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A Other descriptive statistics

Table 10: Distribution of majors according to given covariates (in %, beginning)

Sciences Humanities Law, Economics
and Social Sciences and Management

Gender
Male 39.40 29.32 31.27
Female 16.42 48.93 34.66
Born Abroad
No 25.93 40.84 33.23
Yes 26.67 38.89 34.44
Age in 6" grade
<10 29.60 38.81 31.59
11 26.23 41.22 32.55
> 12 16.73 38.29 44 .98
Age in 12" grade
<17 27 41.53 31.47
18 29.39 37.69 32.92
19 21.99 43.78 34.23
> 20 20.44 45.32 34.24
Parents’ nationality
Mother or father not french 16.27 44.08 39.64
Both parents french 26.79 40.52 32.70
Father’s profession (in 1998)
Farmer 33.76 36.31 29.94
Tradesman 27.35 38.29 34.35
Executive 29.66 38.94 31.40
Technician 27.13 40.23 32.64
White-collar 24.84 40.82 34.34
Blue-collar 20.62 44.96 34.42
Mother’s profession (in 1998)
Farmer 34.52 39.29 26.19
Tradesman 28.09 37.64 34.27
Executive 28.86 40.24 30.89
Technician 25.32 43.35 31.33
White-collar 25.05 42.15 32.80
Blue-collar 22.39 41.42 36.19
Housewife 25.43 36.75 37.82
Education Level
Dropout 23.33 40.61 28.98
Two years of college 10.80 12.16 10.85
Licence (BA degree) 11.07 22.45 13.28
Maitrise (MA degree) 16.19 12.39 25.05

Post Maitrise (Graduates) 38.61 12.39 21.84



Table 11: Distribution of majors according to given covariates(in %,end)

Sciences Humanities Law, Business
and Social Sciences and Management

Baccalauréat

General 28.00 41.33 30.66
Technological 18.02 40.15 41.83
Vocational 12.78 29.32 57.89
Secondary schooling track

L 1.78 77.59 20.63

ES 3.74 40.71 55.56

S 62.68 16.26 21.06
ST,SMS 18.02 40.15 41.83

Source: Génération 1998 (CEREQ, Marseille)
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Table 12: Distribution of levels according to given covariates(in %,beginning)

Dropout Two years of college  BA MA  Graduates

Gender

Male 32.02 12.20 13.63 16.27 25.89
Female 3243 10.78 18.44 18.52 19.82
Born Abroad

No 32.16 11.47 16.61 17.66 22.10
Yes 36.67 6.67 8.89 14.44 33.33
Age in 6" grade

<10 21.64 9.20 12.19 20.90 36.07
11 31.96 11.55 17.00 17.73 21.77
> 12 52.04 12.27 15.61 10.78 9.29
Age in 12" grade

<17 20.11 9.87 17.32 2048 32.22
18 24.47 10.64 1696 19.34 28.59
19 40.35 12.15 16.79 17.07 13.64
> 20 55.20 13.80 13.29 9.88 7.84
Parents’ nationality

Mother or father is not french 51.48 12.43 8.28 14.20 13.61
Both parents are french 30.58 11.28 17.16 17.88 23.10
Father’s profession (in 1998)

Farmer 23.57 10.19 2420 2293 19.11
Tradesman 28.45 14 17.72 18.38 21.44
Executive 23.16 8.59 1552 18.21 34.52
Technician 26.67 11.95 18.39 20.69 22.30
White-collar 38.44 12.31 1544 17.28 16.52
Blue-collar 45.55 12.91 14.84 14.69 12.02
Mother’s profession (in 1998)

Farmer 26.19 9.52 22.62 22.62 19.05
Tradesman 25.84 14.61 18.54 15.73 25.28
Executive 21.82 10.43 17.89 17.89 31.98
Technician 34.33 11.16 1845 1245 23.61
White-collar 35.39 11.68 1526 18.14 19.53
Blue-collar 43.66 8.58 17.54 17.16 13.06
Housewife 33.55 11.97 1474 16.24 23.50
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Table 13: Distribution of levels according to given covariates(in %,end)

Dropout Two years of college = BA MA  Graduates

Baccalauréat

General 25.29 11.28 17.68 19.56 26.19
Technological 58.93 12.67 1191 9.77 6.72
Vocational 80.45 6.02 7.52 5.26 0.75
Secondary schooling track

L 34.75 12.24 23.79 16.19 13.03
ES 26.27 11.01 18.28 25.75 18.69

S 18.00 10.84 13.00 17.79 40.38
ST,SMS 58.93 12.67 1191 9.77 6.72

Source: Génération 1998 (CEREQ, Marseille)

Table 14: Contract of the first job (in %)

Major Type of contract Dropout Two years of college ~ BA MA  Graduates

HSS Short term contract 35.46 37.13 40.94 37.32 44.50
Long term contract 21.07 18.32 1732 17.70 20.10
Emploi jeune 10.39 15.35 9.97 11.96 5.74
Temping 14.09 9.41 - - -
Civil servant - - 13.39 14.83 19.62

LEM  Short term contract 34.68 35.33 34.07 33.81 42.24
Long term contract 18.48 26.67 29.67 33.81 39.60
Emploi jeune - 10.00 - - -
Temping 18.73 7.33 879 11.17 4.29
Civil servant - - 9.34  6.59 7.26
Contrat de qualification 7.85 - - - -

S Short term contract 33.33 33.33 40.34 39.20 42.72
Long term contract 15.66 26.32 21.01 32.39 41.29
Temping 22.09 21.05 12.61 10.80 2.39
Emploi jeune 8.84 8.77 - - -
Civil servant - - 10.08 6.82 6.44
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Table 15: Number of months before the first job

Mean of the number of months before the first job

Sciences Dropout 6.23
2 years 5.55
BA degree 4.79
MA degree 5.47
Graduates 3.55
Humanities and Social Sciences Dropout 5.79
2 years 5.05
BA degree 6.49
MA degree 6.36
Graduates 3.53
Law. Economics and Management Dropout 5.61
2 years 5.01
BA degree 4.41
MA degree 5.42
Graduates 3.56

Source: Génération 1998 (CEREQ, Marseille)

Table 16: Mean of monthly log earnings according to residence, parents’ national-
ity and gender

Mean of monthly log earnings

Out of the Paris region 6.22
In the Paris region 6.68
At least one of the parents born abroad 6.21
Both parents born in France 6.30
Man 6.50
Woman 6.13

Source: Génération 1998 (CEREQ, Marseille)
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B Parameter estimates

Table 17: Equation for the choice of major (beginning)

Estimate Standard Error
Sciences Ref Ref
Humanities and Social Sciences
Father’s profession (in 1998)
Farmer or Tradesman -0.1998 0.1290
Executive Ref Ref
Technician -0.2678 0.2056
White-collar -0.0861 0.1345
Blue-collar -0.2033 0.2533
Unknown -0.0623 0.1399
Mother’s profession (in 1998)
Farmer or Tradesman -0.0948 0.2279
Executive Ref Ref
Technician -0.0934 0.1489
White-collar -0.2961 0.2514
Blue-collar 0.1898 0.1570
Unknown 0.2248 0.2885
Born abroad -0.1906 0.2162
Man Ref Ref
Woman -0.3083 0.3120
Mother and father born in France  -0.0435 0.1607
Both parents are french -0.2874 0.3327
Age in 6" grade
Less than 10 years old -0.1626 0.1279
11 years old Ref Ref
12 years old or more -0.3525 0.1862
Age in 12" grade
<17 -0.0520 0.1534
18 Ref Ref
19 -0.0800 0.2614
> 20 -0.2385 0.1177
Baccaulauréat
General, sciences Ref Ref
General, humanities -0.1737 0.2184
General, economics -0.3609 0.1993
Vocational or technological -0.5718 0.2356
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Table 18: Equation for the choice of major (end)

Estimate Standard Error

Law. Economics and Management
Father’s profession (in 1998)

Farmer or Tradesman 0.4458 0.0949
Executive Ref Ref
Technician 0.4322 0.1766
White-collar -0.1659 0.1410
Blue-collar -0.1532 0.2661
Unknown -0.5339 0.2005
Mother’s profession (in 1998)

Farmer or Tradesman -0.8193 0.2842
Executive Ref Ref
Technician -0.0737 0.1653
White-collar -0.0077 0.2813
Blue-collar -0.1153 0.1555
Unknown 0.3949 0.2246
Born abroad 0.0120 0.1290
Man Ref Ref
Woman -0.0773 0.2608
Mother and father born in France 0.1070 0.1014
Both parents are french -0.2022 0.1950
Age in 6" grade

Less than 10 years old 0.2038 0.1276
11 years old Ref Ref
12 years old or more -0.3683 0.2090
Age in 12" grade

<17 2.6661 0.1425
18 Ref Ref
19 2.3638 0.3234
>20 2.2853 0.1382
Baccaulauréat

General, sciences Ref Ref
General, humanities 3.9255 0.1622
General, economics 1.5372 0.1254
Vocational or technological 2.5208 0.2053

Source: Génération 1992 and Génération 1998 (CEREQ, Marseille)
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Table 19: Equation for the choice of the educational level

Estimate

Standard Error

Father’s profession (in 1998)

Farmer or Tradesman -0.1236 0.0817
Executive Ref Ref
Technician -0.0856 0.0957
White-collar -0.3003 0.0763
Blue-collar -0.3392 0.1007
Unknown -0.1608 0.1108
Mother’s profession (in 1998)

Farmer or Tradesman 0.0441 0.1329
Executive Ref Ref
Technician -0.1763 0.1115
White-collar -0.0480 0.0788
Blue-collar -0.1656 0.1134
Unknown 0.0801 0.1016
Born abroad 0.0356 0.1878
Man Ref Ref
Woman 0.2082 0.1274
Mother and father born in France -0.3241 0.1202
Both parents are french 0.2603 0.1520
Age in 6" grade

Less than 10 years old 0.3303 0.1083
11 years old Ref Ref
12 years old or more 0.4009 0.1034
Age in 12" grade

<17 0.0253 0.0880
18 Ref Ref
19 -0.3447 0.0569
> 20 -0.6359 0.0783
Baccaulauréat

General, sciences Ref Ref
General, humanities -0.6364 0.0818
General, economics -0.3556 0.0717
Vocational or technological -1.0182 0.0828
B0 13199 0.0235
EUk=D k=) 0.0239 0.0877
Bk k=l 13329 0.1843
B k=) 0.5193 0.1281
EUR=Y k=) 0.1916 0.1258

Source: Génération 1992 and Génération 1998 (CEREQ, Marseille)



Table 20: Earnings equation

Estimate Standard Error
Constant 5.9863 0.1141
Mother and father born in France -0.0179 0.0858
Man Ref Ref
Woman -0.3455 0.1058
Born abroad -0.0074 0.2203
Field of studies
Sciences Ref Ref
Humanities and Social Sciences -0.0975 0.1032
Law. Economics and Management -0.0398 0.1173
Level of studies
Dropout Ref Ref
Two years of college 0.3332 0.1497
Licence (BA degree) 0.4382 0.1467
Maitrise (MA degree) 0.6227 0.2143
Post Maitrise (Graduates) 1.2447 0.2403
Interactions between field and level
Humanities and Social Sciences
Dropout Ref Ref
Two years of college -0.1126 0.2761
Licence (BA degree) 0.0654 0.2086
Maitrise (MA degree) -0.2487 0.2276
Post Maitrise (Graduates) -0.1707 0.2033
Law. Economics and Management
Dropout Ref Ref
Two years of college -0.0023 0.2201
Licence (BA degree) 0.0603 0.2169
Maitrise (MA degree) 0.0252 0.1952
Post Maitrise (Graduates) 0.1416 0.1712
Interactions between Female gender and level
Dropout Ref Ref
Two years of college 0.0946 0.2314
Licence (BA degree) 0.0962 0.2228
Maitrise (MA degree) 0.2731 0.1650
Post Maitrise (Graduates) -0.0985 0.1851

Source: Génération 1992 and Génération 1998 (CEREQ, Marseille)



Table 21: Other parameters

1 0 0 —-0.25

0 1 227 0

0 2.27 6.93 0
-0.25 O 0 1.77

Covariance matrix of residuals

Parameter Standard Error
Thresholds
89 8.2471 0.0268
S3 8.6002 0.0244
S4 9.0882 0.0198
S5 9.6843 0.0279
« 0.1659 0.0583

Source: Génération 1992 and Génération 1998 (CEREQ)
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